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There and back again?

® NO journey




There and back again?

e rather an oscillation

e
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o generalisations o theory
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® COrpus e text (corpus)
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a) Ak chceme overovat’ nejaky zakon, tak nesmieme miesat’ texty, lebo v kaz-
dom texte st iné tzv. poéiatoéné podmienky. Dokonca je niekedy potrebné analyzovat
oddelene aj jednotlivé kapitoly romanu alebo vety symfonie. Da sa napriklad ukazat, ze
zékon pre rozdelenie dizky slova je lahko overitelny napr. na jednotlivych Goetheho
listoch. Cim viac listov viak zlu¢ime do spolo¢ného vyberu, tym menej vhodnym sa
stava dany model, lebo v kazdom liste ma zékon iné parametre. V takych pripadoch sa
odportéa prinajmensom miesanie, kombinovanie modelov (porov. Altmann 1992a), ale
este vhodnejsia je separacia homogénnych Casti. Tak napriklad tzv. frekvencny slovnik
jedného celého jazyka (zanru a pod.) je vhodny len na velmi obmedzené teoretické -
&ely, lebo je konstruovany zo zmesi textov.
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T=0.50

p-value = 0.006
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T=0.19

p-value = 0.06
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Case study no. 1 - genre analysis

o M. Kubat
o K. Capek
o analysis of particular methods
o text as a basic unit

e D. LukeS’s review
o genre analysis = text should be aggregated



Case study no. 1 - genre analysis

e M. Nogolova

e the goal
o Are there differences between “text” and “corpus” approaches?
o How (if so) do particular methods differ with regard to both approaches?

e analyzed units
o chapters
o books
o corpus ot particular genre
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Case study no. 2 - word order of enclitics vs. full
valency

e hypothesis
o The higher the full valency of the predicate, the lower the probability of the occurrence of the
enclitic after the initial phrase of the clause.

e Old Testament
o Genesis (Gen), Isaiah (Is), Job (Job), Ecclesiastes (Ecc)
e New Testament
o Gospel of St. Matthew (Mt), Gospel of St. Luke (Lk), Acts (Act), and Revelation (Rev)
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Case study no. 3 - the Menzerath-Altmann law

e word - syllable - sound

y(x) = axPe=*

e O texts

Gottwald 1949

Havel 1999

V. Cvrcek: Za jesté tvrdSi kodifikaCni diktat? (Nase rec, 2006, s. 26-29)
K. J. Erben: Zlaty kolovrat

10 years child: Ja a prvni zarovka

o O O O O



vse Gottwald |Havel Cvrcek Erben Zakovsky
dohromady text
a 2.63 2.62 2.59 2.55 2.64 2.57
b 0.04 0.12 0.13 0.25 -0.15 0.05
C -0.04 -0.07 -0.07 -0.1 0.01 -0.04
R? 0.99 0.95 0.91 0.93 0.94 0.95




All texts together
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V. CvrCek: Za jeste tvrdsi kodifikaCni diktat?

2.7

2.1




K. J. Erbena: Zlaty kolovrat

2.7
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Ja a prvni zarovka

2.6




Case study no. 4 - distribution of word lengths

e K. Pelegrinova
e word length measured in syllables
e 15 texts of 3 genres



All texts together

hyper-Poisson distribution

a=1.46
b=0.18
C=0.012
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